Analytics-driven, comprehensive patient profiles drive true patient-centered care

THE CHALLENGE

WHAT CRITICAL DATA ARE WE MISSING BY IGNORING
UNSTRUCTURED DATA?

Despite the wealth of patient data generated across healthcare systems,
the vast majority—around 80%—is unstructured and often goes untapped.
This includes physician notes, pathology reports, and lab narratives that
offer deep context into a patient’s journey. Traditional analytics rely heavily
on structured data like ICD codes and lab values, which explain what is
happening but not why. In many cases, especially in complex or rare
diseases like NSCLC, ICD codes alone fail to capture the full clinical
picture—making it difficult to reliably identify patients based on structured
records alone. However, by mining unstructured data sources, it becomes
possible to detect disease indicators, symptom patterns, and clinical
impressions that precede or supplement formal coding. As a result, key
insights are missed, contributing to delayed diagnoses, misdiagnoses, and
a fragmented understanding of patient needs.
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The company’s commercial team aimed to identify patients most likely to
benefit from their NSCLC targeted therapy by leveraging both traditional
and non-traditional datasets, alongside implementing biomarker gene
management strategies

How could the company efficiently identify these

nts and engage the HCPs treating them?

THE APPROACH

DATA-INCLUSIVE METHODOLOGY TO CAPTURE

OVERLOOKED CASES
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« Merge structured and unstructured data, including clinical, behavioral,

and socioeconomic inputs.
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NOTES

Lef

‘mucin. Moderately differertiated. IHC-TTF-1 POS, GATAS
negative. PD-L1 10% 2+ FISHALK/Ros1/MET/RET all negative:
bULEGFR del 19 positive.

involing the ROS1locus, was observed in 22% of the
scored nuclei. This patten consisted of one fusion signal
and one red signal,

Cancer type: Non-smal cell lungeancer Histology:
adenocarcinoma. Location: left lower lobe, bronchus or lung.
Staging type:ciiical cTNM staging: T=x, N=x, M=1c (brain
metastasis) AJCC stage at diagnos's VC.TUMOR STAGE.
(American Joint Committee on Cancer, 8th Edition

2017, Tumor Biomarkers: TTFL+, CK7+.The resuls support
bronchogenic adenocarcinoma. Tumor markers:
CA19-9,CEA, CA125, CA27.29 are normal.

Build Patient and Physician Profiles
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RESULTS

Procedure Type - Needle core biopsy
Location - Left lung, Lower Lobe
THC - TTF-1

Molecular studies - EGFR Positive

Anomaly Result Reference Range
ROS1 Rearrangement 2% (see
interpretation) (0-14%) ALK
rearrangement NOT DETECTED. RET
rearrangement NOT DETECTED

Byers testing indicated positive for
ROS1 gene rearrangement by FISH

» Develop dynamic profiles and segment based on risk, behavior, and

treatment response that update over real time.
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« Align all stakeholders to ensure accuracy and usability in real world

workflows

Drive Change Management

« Support the rollout of tools and results through training and communication.
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THE OUTCOME(S)

This comprehensive approach enabled us to identify previously
undiagnosed patients exhibiting early but overlooked symptom clusters of
arare disease, leading to more timely and targeted interventions.

Across clients, insight quality improved by 25%, and intervention
implementation cycle times decreased by 20%. With this level of Al-driven
precision, healthcare teams were able to tailor patient
engagement—offering personalized support strategies that accounted for
treatment barriers, digital engagement preferences, and predicted
adherence risks.

THE RESULT: DEEPER PATIENT UNDERSTANDING,
IMPROVED OUTCOMES, AND SMARTER RESOURCE
ALLOCATION.

Our analysis revealed a significant increase in appropriate therapy initiation
following the identification and engagement of patients. The Predictive
models accurately surfaced individuals exhibiting early but overlooked
symptom patterns, allowing for timely interventions. The following
screenshots illustrate how these predictions translated into real-world
impact, showing drug utilization trends post-identification, individual patient
probability scores and profile summaries.
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